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Exploring Applicability of Deep Learning for Restorative
Urban Forest Landscape Evaluation: Focused on
Related Literature and Methodology Review*
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Abstract : This study examines the feasibility of developing a model for evaluating urban landscapes based on
deep learning as a preliminary study. The principal methodology of the study is literature analysis; to explore
the possibility of applying the deep learning algorithm to landscape evaluation, we intensively reviewed researches
regarding ‘urban forest landscape research, landscape evaluation scale, and ‘feasibility of deep learning in
landscape studies. The results derived from this study are composed mainly of two contents. First, it is ‘Necessity
to select images considering landscape composition and standardize evaluation indicators and scales. The data
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to be evaluated for measuring the recovery effect of urban forests were found to be insufficient to be applied

as a model. However, since the landscape elements and composition to be evaluated in existing studies were

simply set, it will contribute to reducing the complexity of the model. When developing the model in the future,

influence variables that have been proven several times in previous studies can be used as main input data.

The evaluation results of existing studies that will be applied as input data to future evaluation models are

composed of various scales and need to be adjusted to a level that can be compared to each other through

standardization, moreover high resolution for the development and use of landscape evaluation algorithms in

various fields. Second, ‘Proving of the possibility and feasibility of evaluating existing algorithms. It is judged

that the validity of the landscape evaluation model based on deep learning is high, and rather than a method

of newly developing the evaluation algorithm itself, the basic data is constructed to improve the model's

reliability by utilizing and partially correcting the already established landscape evaluating algorithm. This study

is meaningful because it suggests directions and limitations for the future urban forest landscape evaluation

model development.

Key Words : Convolutional Neural Network (CNN), Image classification and segmentation, Supervised learning
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